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Theorem. Gap admits an approximation algorithm with ratio
α = e/(e − 1) ≈ 1.58. [Fleischer et al., MOR’11]
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If we don’t prescribe rectangle sizes, Crown is completely
solved. [He, SICOMP’93; He & Kant, TCS’97]

What other problems have been solved combinatorially, but
are interesting to optimize when we add more constraints?
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